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4.2.2. Subspace Constraint

It is very loyal to the book A=—V - -
~ Vision Homogeneous GD 3.2.4. Graph Disti[latio? (GD). 'Inspired b-y_ the success of using f[;iffrlztae d?seer:t:gg;:;:?gtEznigrggnﬁgtrlgﬂgglyp;ﬁ;ﬁ:
w m Private Encoder L multimodal approaches in emotion recognition task [22], transfer- teed. There exists the potential for information to
: / \ ring knowledge between different modalities is beneficial to the freely permeate between feature representations,
Acoustic task. Therefore, we propose to apply it to the task of humor detec- whereby all modality information may be solely
X ——W&-,’ =¥ tion. We define the different modality as node in graph, and the encodgd in H;'}f.fe, Whiffh renders homogenegus
----------------------- ' Heterogeneous GD 3. t:1]ation strength from modality i to modality j is denoted as (modality-agnostic) multi-modal features meaning-

i ) ) less. Inspired by Li et al. (2023), we introduce
edge w;— j connecting the corresponding nodes. We consider the a consistency constraint in the modality-agnostic

subspace to strengthen the commonality across
modalities, which is formulated as follows,

[1] Yong Li et al. Decoupled multimodal distilling for emotion recognition, CVPR 2023, Highlight, 7% 3]302:X
[2] Yong Li et al. Hierarchical Distillation of Cross-Modal Knowledge for Robust Emotion Recognition, T-PAMI, 2026
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